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Outline

= Finger prints of model performance
(TIGER)

= Results for case study
= Parameter sensitivity (TEDPAS)

= Results for case study
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TIGER: Motivation

Time series of grouped errors
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TIGER: Motivation

Time series of grouped errors
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TIGER method
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TIGER method
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TIGER method
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TIGER method
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TIGER method

Pattern detection with SOM and fuzzy clustering
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TIGER method

Pattern detection with SOM and fuzzy clustering
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TIGER method

Pattern detection with SOM and fuzzy clustering
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TIGER method

Pattern detection with SOM and fuzzy clustering
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Cluster characterization 1
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Cluster characterization 1
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Cluster characterization 2
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Poster:
Synthetic peak errors

Poster A188

N Typology of hydrological metrics based on synthetic O N
errors for single peak events

Dominik E. Reusser

(University of Potsdam, Institute of Earth and Environmental Sciences, Potsdam Institute for Climate Impact Research)

Erwin Zehe

(KIT Karlsruhe, Chari for Hydrology)
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WeilReritz catchment
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Model

= WaSiM-ETH (TOPMODEL approach)

= 11 parameters:

= Direct flow recession
= Interflow recession and storage size
= Baseflow recharge and discharge

TOPMODEL regionalization factor m

Snow: Degree day factor, temperatures, fraction for
direct flow

Infiltration rate threshold

= 2 years of simulation (2000-2002)
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TIGER Results
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TIGER Results
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Questions of Interest
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Questions of Interest
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Sensitivity analysis

= Fourier Amplitude Sensitivity Test (FAST) (Cukier et
al., 1977)

= results equivalent to Sobol’s method (Sobol, 1994)

= equivalence shown (Saltelli and Bolado 1998)

= FAST computationally much more efficient.

= FAST can not compute interaction terms.
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Temporal dynamics of
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Temporal dynamics of
parameter sensitivity: TEDPAS
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Temporal dynamics of
parameter sensitivity: TEDPAS
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Temporal dynamics of
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Summary
= Finger prints of model performance (TIGER)

= Parameter sensitivity (TEDPAS)

= Combination of temporal diagnostic methods

ﬁ model and catchment comparison

= Results presented for the Weilleritz case study

Curious? Test it yourself!

Packages available as open
source software in R
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