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that are able to identify and predict harmful air pollution (AP) episodes is
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produced maps, the identification of AP episodes can be done and AP alerts can be issued.

The procedure presented here will allow to forecast AF episodes.
Afterwards, it will be possible to provide AQ alerts, allowing a
sustainable management of environmental risks for the public health.

® AQ Forecasts
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Based on this approach one succeed to produce spatial-temporal PM10 forecasts,
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