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Introduction

Conclusions

* Epoch-wise analyses, using TVDM and SDSM, proved that the
magnitude of T__ and T_._ will increase in all epochs (as
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the end of 21st century (epoch3) as per TVDM considering
RCP8.5 scenario and it is expected to increase up to 2 °C as
per SDSM for the said case. The rise of T . is expected to be
~2.5 °C across all the cities during the third epoch (2071-
2100) as per TVDM. It implies that there will be more hot
days by the end of 21st century
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Fig 1. Study area map showing the Indian cities

Methodology
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Data Standardization

Model Setup
Setup of downscaling equation

Fe=xtxml_j+xtxmi+x3xmd +
e+ xfxmk, (Eq.1)
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of
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e The comparison results reveal that SDSM (time-invariant
model) show less increase as compared to the TVDM (time-
varying model) during the future period. On an average, the
difference (TVDM-SDSM) of T._. in future period (epoch3) is
almost double in RCP8.5 scenario as compared to RCP4.5.
The performance of the TVDM is superior to the existing
SDSM during historical (development and testing) period as
the downscaled temperature is closer to the observations.
Therefore, it can be concluded that the temperature
obtained using time-varying (TVDM) approach is more
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dependable than the time-invariant (SDSM) approach.
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Fig 2. Time Varying Downscaling Model (Pichuka and Maity, 2018)
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Fig 5. Temperature change during epoch-3 (2071-2100) with respect to baseline period
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Fig 3. Statistical Downscaling Model (Wilby et al., 2002)

Fig 6. Difference between TVDM and SDSM downscaled T,,, and T, using CanESM2 outputs during epoch-3.
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