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RATIONALE METHODS RESULTS - Design event (T = 30 yr)
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How do simulated peak flows change in the future” - Estimation of confidence intervals via profile likelihood | £ 100} i ﬂl | M ﬂ[ {lk H ]Ji
DATA P : i A Hind i
— o £ 501 i;llllﬂﬂ ﬂﬂ.ﬂ Qﬂﬂ 1t ! ﬁ{ﬂ HHM; Pt
Simulated: Gridded (0.5 degree) daily runoff from 9 GIMs forced by 5 CMIP5 GCMs — | | DESIGN EVENT The largest event in T-years on average. | i il | ] e *‘i | ¥ PR Sl
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. 0% observed vs 45 modeled-hist 11.9% > Little Runoff annual maxima from global models differ systematically from observed data in terms of distribution and medians. With only
o - 8032000 2225500 modeled-hist vs RCP2.6 38.6% = High few exceptions, the majority of the models struggle to reproduce return period ranges (confidence intervals) of observed Amax even
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° There is an evident scale discrepancy between observed and modeled data. Bearing in mind that grid-cell runoff is difficult to
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