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RESULTS
TEMPORAL CORRELATION OF SOIL MOISTURE INDICES WITH WTD

Figure 4 shows for each pixel the temporal correlation coefficient R between the mean WTD
of the 8 monitoring wells and soil moisture indices. For the two TOTRAM scenarios the R
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wells and soil moisture indices derived from TOTRAM scenario 1, TOTRAM scenario 2 and OPTRAM.

reflectance (STR).

MATERIALS AND METHODS RESULTS

One of the most well-known approaches for soil moisture estimation is the “trapezoid” SPATIAL VARIABILITY OF SOIL MOISTURE INDICES ANDWTD
model concept (Sadeghi et al., 2017). Two different types of the trapezoid concept exist: Figure 5a-b indicate that the soil moisture indices from both TOTRAM scenarios do not
positively correlate with WTD. Only the OPTRAM indices show a positive correlation over
Thermal-Optical TRApezoid @) TOTRAM o OPTRAM the whole WTD range (Figure 5c¢). Figure 5¢ shows that OPTRAM indices over treed parts
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shows the soil moisture availability from blue (wet edge) to red (dry edge).
Fig. 5. Soil moisture index from (a) TOTRAM scenario 1, (b) TOTRAM scenario 2, and (c) OPTRAM as a function of water
table depth (WTD) measured at 3 sites in treed (red squares) and 5 sites in treeless parts (blue circles) of the bogs.

MATERIALS AND METHODS CONCLUSIONS

In TOTRAM scenario 1 the estimation was ndsat %, T and 8 We evaluated the temporal and spatial relationships between in-situ measured WTD and
solely based on observed pixel values. The OIS LR soil moisture indices from three different trapezoid models over two northern bogs in
remotely sensed LST and FVC data were e tive Earth-Sun distance Estonia. We compared the performance of two trapezoid models based on optical and
used to construct the trapezoid with its dry J | J J thermal imagery (TOTRAM scenario 1 and 2) and one solely based on optical imagery
MODIS
and wet edges. Abedo 1 omissivity | At STR (OPTRAM). Our results demonstrated:
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The BN soil moisture index was Fig. 3. Flowchart of the data preparation for the two TOTRAM spatial interpretability and probably also the temporal interpretability under progressive
calculated based on remotely sensed STR scenarios and OPTRAM. Grey-filled rectangles represent input vegetation changes.
parameters and variables, orange-filled rectangles with diagonal
and NDVI data. corners rounded represent it?ltermediate parameters and
variaples.
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