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Major production regions:
Polders, Sandy-loam region; Loam belt; Condroz

Impact of extremes:
Winter wheat yield in Belgium
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Drought impact on grassland

= (Cognitive) map of vulnerability factors

= Vulnerability map: Fuzzy Inference systems + GIS in R
= membership functions

= Rules to combine membership data

Occurrence

Vulnerability
of grassland

to drought

? VIt Vanwindekens, F.M., Gobin, A., Curnel, Y., Planchon, V., 2018. New Approach for Mapping the Vulnerability,of tcsensing.vito.be
Agroecosystems Based on Expert Knowledge. Math Geosci (2018). https://doi.org/10.1007/s11004-018-9730-5 anne.gobin@vito.be



https://doi.org/10.1007/s11004-018-9730-5

| CROPMODEL | DATAFUSION | CONCLUSION
Resilience to exiremes:

Wheat yield and climate resilience
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Agricultural yield ~ weather conditions, but resilience ? Current wheat varieties may be at risk
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Meteorological & soil data => crop yield
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Crop Performance & satellite imagery
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Data fusion:

200

180
160
140
120
100

80

&0

DMP (100 ka/ha/day)

40

20

E=

v_’vl#:'vE:’—I:L:’vl:l:’vl:h;’vl:k’vl:k’vl:krI:L:’»I:E;’vl:l:
i <

Durgun, Y.0., Gobin, A., Vandekerchove, R., Tychon, B., 2016. Crop Area Mapping using 100m PROBA-V time series. Remote

crop area & production

P
T_'réroba-v
Dailyréoverage
1km, 300m; 100m

VItO Sensing 8(7), 585 https://doi.org/10.3390/rs8070585

remote sensing

EXTREMES | cropmobeL | | concLusioN

I :f"‘/’/‘ Legend
e L " B Groin moze

. I Potato
o= ;‘“\1!4 p - Sugar beet
. WSS 2 Winter barley
-8
& [ Winter wheat
0 05 1 2km
=t
= g B gl A
| - E
’ o

p
.,
SIAUN

ie | 75%-80%

85%-95%

Van Tricht, K., Gobin, A., Gilliams, S., Piccard, I., 2018. Synergistic use of Sentinel-1 radar and Sentinel-2 optical imqgeryifaE=sensing.vito.be
mapping crops at large scale: a case study for Belgium. Remote Sensing 2018, 10, 1642; https://doi.org/10.3390/rs10101642



https://doi.org/10.3390/rs8070585
https://doi.org/10.3390/rs10101642

EXTREMES | CROPMODEL | | CONCLUSION |
Data fusion:

crop development at the field scale
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Promising data fusion & modelling methods for

crop yield assessment in a changing climate
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