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B CONCLUSIONS

* |dentified seismic excitations consistent with ones that
have been derived by manually studied aftershock
sequences, like the 2014 Kefalonia doublet (Mwé6.1
and Mwé6.0)

* Clustered component of seismicity is dominant in
Central lonian Islands due to the large seismic energy
release of the two main sequences (2014 Kefalonia
and 2015 Lefkada earthquakes)

B INTRODUCTION B VAP AND DBSCAN FORMULATION

The study of earthquake clustering can provide crucial MAP: Bivariate stochastic point process (N, ]): = (N, J¢)ep+
information on the seismogenesis properties of a region. ¢ N, counting process - number of events in (0,t]
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